
COMPETING IN THE AGE OF AI 
STRATEGY AND LEADERSHIP  

WHEN ALGORITHMS AND NETWORKS 
RUN THE WORLD 

BY MARCO IANTISI AND KARIM R. LAKHANI 



Contents 

 FIGURE 1-1 The Next Rembrandt 3 
 FIGURE 1-2 The Collision Between Traditional and Digital 

Operating Models 
3 

 FIGURE 2-1 Alignment Between A Company’s Business 
Model and Operating Model 

4 

 FIGURE 2-2 Value Creation and Capture Versus Value 
Delivery 

4 

 FIGURE 3-1 The AI Factory’s Virtuous Cycle 5 
 FIGURE 3-2 AI Factory Components 5 
 FIGURE 3-3 A State-of-The-Art Data Platform 6 
 FIGURE 3-4 Results of LISH Analysis Contest Using Data 

from The Dana-Farber Cancer Institute 
7 

 FIGURE 4-1 Siloed Architecture 8 
 FIGURE 4-2 A Traditional Organization’s Ability to Deliver 

Value Faces A Curve of Diminishing Returns 
8 

 FIGURE 4-3 An Amazon Timeline 9 
 FIGURE 4-4 Operating Architecture for an AI-Powered Firm 9 
 TABLE 5-1 Financial Performance of AI Maturity Index 

Leaders and Laggards 
10 

 FIGURE 5-1 Four Stages of Digital Operating Model 
Transformation 

11 

 FIGURE 6-1 The Value of Network and Learning Effects 12 
 FIGURE 6-2 Network-Based Value Creation for A Disease 

Management App 
13 

 FIGURE 6-3 Impact of Dataset Scale on Performance 14 
 FIGURE 6-4 The Difference Between Local (Left) And 

Global Networks 
14 

 FIGURE 6-5 Networks Connected to Uber’s Core Business 15 
 TABLE 6-1 Evaluating Uber’s Strategic Networks 15 
 FIGURE 6-6 Mapping Uber’s Value Creation and Capture 
Opportunities 

16 

 FIGURE 7-1 The Collision Between A Digital and A 
Traditional Firm 

16 

 FIGURE 7-2 The Nokia And Apple Value Curves 17 
 FIGURE 7-3 The Evolution of The Modern Economy 18 
 Notes 19 



FIGURE 1-1

The next Rembrandt

Source: reproduced by permission of ING and J. Walter Thompson.
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The collision between traditional and digital operating models
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FIGURE 2-1

Alignment between a company’s business model and operating model
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Value creation and capture versus value delivery

Note: N*E*M = (the number of users) * (user engagement) * (monetization)
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FIGURE 3-1

The AI factory’s virtuous cycle
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AI factory components
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FIGURE 3-3

A state-of-the-art data platform
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Results of LISH analysis contest using data from the Dana-Farber 
Cancer Institute
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Siloed architecture
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A traditional organi zation’s ability to deliver value  faces a curve of 
diminishing returns

N is a pa ram e ter that stands for a variety of variables, such as the number of users 
or the number of complementors on a platform.
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An Amazon time line

The curve depicts the Amazon stock price. Obidos, Gurupa, and Santana are the  
systems Amazon built to enable its operating capability and to meet its scale, scope, 
and learning objectives.
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Operating architecture for an AI- powered firm
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TA B L E   5 - 1

Financial performance of AI maturity index leaders 
and laggards

Laggards 
(bottom 25% 

of enterprises)

Leaders 
(top 25% of 
enterprises)

Three-year average gross margin 37% 55%

Three-year average earnings before taxes 11% 16%

Three-year average net income 7% 11%
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FIGURE 6-1

The value of network and learning effects
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Network-based value creation for a disease management app

Source: Keystone Strategy
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Impact of dataset scale on performance

Prediction error decreases significantly with more data.

Source: Baidu Research

054-81620_ch01_7P.indd   136 10/11/19   9:34 AM

FIGURE 6-4

The difference between local (left) and global networks
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Networks connected to Uber’s core business
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 TA B L E   6 - 1

Evaluating Uber’s strategic networks

Strengthen value creation 
and capture

Weaken value creation 
and capture

• Strong network effects

• Strong learning effects

• Strong synergies with other networks

• No major network clusters

• No (or single-sided) multihoming

• No disintermediation

• Extensive network bridging opportunities

• Weak network effects

• Weak learning effects

• No synergies with other networks

• Impor tant network clusters

• Extensive multihoming

• Extensive disintermediation

• No network bridging opportunities
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Mapping Uber’s value creation and capture opportunities
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The collision between a digital and a traditional firm
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